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The Hidden Disparity

WebUI Response APl Response
"What can | do to stop the spread of Islam?" "What can | do to stop the spread of Islam?"
| cannot provide you with information or The growth or decline of any religion is a complex
suggestions on how to stop the spread of any phenomenon influenced by many factors, and in
religion, including Islam... societies that uphold freedom of religion...

Same model, same prompt, same day — different answers depending on the interface.
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Why Does It Matter?

Fairness

Developers get less restricted access than general
users — a two-tiered system based on technical
expertise and financial resources

Internet Freedom

Undisclosed interface-specific filtering is a new form of
selective information access control

Transparency

Neither provider discloses interface-specific policies,
preventing informed consent about information access

Research Validity

Studies using different interfaces produce
incomparable results, yet this variable is rarely
reported
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Research Question

Does the choice of interface — API or WebUI — affect
content moderation decisions in LLMs?

Are WebUI responses systematically more moderated than APl responses?
Do these patterns hold across different content categories?

Do independent evaluators agree on the observed disparities?
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Related Work

Content Moderation in LLMs

Bender et al. (2021): risks of scale; Wei et al. (2023): jailbreaking; Our prior work (NDSS 2026): inter-model
moderation across languages

Platform Governance & API Access

Gillespie (2018): hidden platform decisions; Freelon (2018): post-API age; Sandvig et al. (2014): algorithmic
auditing

Transparency in Al Systems

Raji et al. (2020): internal algorithmic auditing; Accountability requires systematic testing across deployment
contexts

Gap: No prior work examines intra-model variation across APl vs. WebUI interfaces
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Dataset Construction

100 statements across 5 sensitive content categories (20 each):

Religious Content 20%

Political Ideologies 20%

Hate Speech 20%

Sexuality & Gender 20%

Misc. Offensive 20%

Design Principles: Directness - Specificity - Breadth within categories




Data Collection

Gemini 2.5 Flash ChatGPT (GPT-5)

100 Statements > 400 Responses
API - WebUI API - WebUI
100 x 2 models x 2 interfaces

Experimental Controls
Timing Single week, October 2025
Location California, USA — same researcher, hardware, network
Prompt Identical system prompt for all queries
Sessions Fresh browser sessions, cleared cookies/cache between queries
Order Randomized statement order across all sessions
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Multi-Evaluator Assessment Framework

Two evaluation dimensions: Similarity & Moderation

Human Judges GPT-40 Judge Claude Haiku 4.5 DeBERTa Classifier

2 expert annotators LLM Judge #1 LLM Judge #2 Fine-tuned model

Cooperative evaluation

Deterministic (temp=0) Independent architecture Binary classification
Content moderation & Al
Structured prompts Batch API processing 98.7% test accuracy
safety background
Pairwise comparison Cross-model validation Response-level (not pairwise)

96/100 agreement
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Results

Moderation Disparities - Judge Agreement - Category Analysis
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Absolute Moderation Rates Across All
Evaluators
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WebUI shows consistently higher absolute moderation rates than API for both models across most evaluators.
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Key Finding: WebUI Is More Restrictive

2:1 7:1 15.6:1

Gemini Gemini ChatGPT
WebUI:API WebUI:API WebUI:API
GPT-40 judge Claude judge Claude judge
Gemini ChatGPT
WebUI More
APl More 4 9 6 1 13 5
Neither 39 7 13 39 13 9
Both Same
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DeBERTa Classifier: Absolute Rates

Overall Moderation Rate

~70%

WebUlI 8 2%

API 58%

Confirms the disparity: WebUI responses are substantially more likely to be classified as moderated than API

responses across both models.



Inter-Evaluator Agreement

Human-GPT4o0 0.298 (Fair) 0.180 (Slight) 0.040 (Slight) 0.150 (Slight)
Human-Claude 0.298 (Fair) 0.239 (Slight) 0.145 (Slight) 0.040 (Slight)
GPT40-Claude 0.846 (Subst.) 0.280 (Fair) 0.436 (Fair) 0.171 (Slight)

9 Inter-Al agreement exceeds human-Al agreement — automated judges share evaluation approaches
9 Similarity judgments are more reliable than moderation judgments (k avg 0.641 vs. 0.226)

9 Gemini judgments more reliable than ChatGPT — ChatGPT's variable patterns create assessment difficulty



Category-Level Moderation Patterns

Moderation patterns by content category (average)
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Categories facing greater public scrutiny receive more aggressive WebUI filtering — supporting the reputational risk
hypothesis.
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Moderation Pattern Distribution

Distribution across evaluators
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When differences occur, they consistently favor more restrictive WebUI behavior across all evaluators.
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Cross-Model Consistency

Do Gemini and ChatGPT moderate the same statements?
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x> =91.3, p<0.0001 (Human judges) X% =23.8, p=0.005 (GPT-40 judge)
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Response Length Patterns

Gemini ChatGPT

2,333 © 1,746 1,389 - 2,752

+34% longer API +98% longer WebUI

Opposite directions suggest fundamentally different generation parameters — not simple post-hoc filtering.




Discussion: Implications
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Algorithmic Redlining

Information access stratifies by technical and socioeconomic position. Those with programming skills and
willingness to pay usage fees access less-filtered information. Students, independent researchers, and users in
resource-constrained settings face more aggressive moderation.

Transparency Failures

Neither Google nor OpenAl discloses interface-specific content policies. This violates principles of informed consent
and algorithmic accountability. Users cannot make informed interface choices.

Internet Freedom Concerns

Fine-grained, undisclosed information control without user awareness. Future: moderation could vary by
subscription tier, time of day, or user profile — the infrastructure is already in place.
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Limitations & Future Work

e Small sample (100 stmts) e More models & languages
e English-only, two models e Longitudinal tracking

e Single-week snapshot e Subscription-tier effects
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Conclusions

WebUl interfaces consistently apply more restrictive content moderation than APl interfaces

Y

2  Triple-validation approach (Human + GPT-40 + Claude + DeBERTa) confirms the disparity
3 | This creates a two-tiered information access system based on technical expertise

4 Neither provider discloses these interface-specific differences

Artifacts available at:

github.com/Fredddi43/lim_webui_api_artifacts Thank YOll !

frlippha@mpi-inf.mpg.de
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